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Abstract

In this work a novel formalism to estimate the vector linear and leading non-linear impulse
response functions from the experimental data observed from a multi-input system, allowing
for correlation between the inputs, is presented. Time series statistical moments are esti-
mated from the data and used as the basis of a set of simultaneous equations in the unknown
response functions.These simultaneous equations are solved using standard matrix methods
for the unknown response functions. The ability of the technique to correctly estimate the
response functions of a multi-input non-linear system to a high degree of accuracy is demon-
strated, using a numerical example where the properties of the system are known and there

is strong correlation between the input data.

This novel technique is then used to estimate, from the time series, the first (linear) and
second order response functions of the coupled convective and radiative processes, that act
at the internal surface of the ceiling of a building. The estimated first and second order
response functions all show discernible structure. The area / volume under the estimated
response functions of each process are, respectively, the first and second order gains or heat
transfer coefficients for that process. The response functions, of each process, estimated were

employed to predict the surface heat flux, given the convective and radiative driving forces,




which could be compared with the measured heat flux.

The estimated linear heat transfer coeflicients, from a vector mixed order analysis of the
data, are compared with those obtained from a vector linear analysis of the same data. The
first and second order response functions estimated by the novel technique from the time
series all show discernible structure. This work will demonstrate whether the commonly

used linear models of the convective and radiative processes are applicable.

Keywords
Time Series Analysis, Multi-Input Non-Linear Systems, Mixed Order Response Function

Estimation, Time Series Moments.




Introduction

The analysis of time series data from dynamical systems is an important issue in numerous
areas of science and engineering, and the study of linear systems has dominated scientific
thinking for many years. A linear system has the property that the output produced is
proportional to the input and that any complexity that arises may be described as the result
of superposition. However in reality most, if not all, physical systems exhibit non-linear
behaviour to some extent, and this makes them difficult to study. Thus there are few analysis
techniques available to the experimentalist that can extract the relevant information, from
the time series data, of a non-linear system, let alone one with multiple inputs where the

inputs are correlated.

The most common tools employed for the analysis of time series data from linear systems
are the linear correlation function and it’s Fourier transform, the spectral density. These

tools are, respectively, applied in the least squares maximum likelihood estimation of a set

parameters for an auto-regressive moving-average model, commonly known as the Box and

Jenkins approach [1], and in the response function estimation technique in the frequency
domain (for example, [2, 3]). Both these techniques are applied to the analysis of data
from single input linear systems, and the frequency domain technique has been extended to
estimate the linear and leading non-linear (2nd order) resbonse functions for single-input [4]

and multi-input systems [5].

Recently generalised theories for the estimation, in the time delay domain, of the im-
pulse response functions of single-input mixed order (lihear + non-linear) system [6] and
of multi-input linear systems [7] have been developed. These techniques are based on the
Volterra series, which is the generalisation of the linear convolution equation, and employs
the statistical time delayed moments of the input and output time series in a characterisation
of the system in terms of it’s impulse response functions. The impulse response function is

a widely used means for the characterisation of a system (for example, [2, 3]).

In this paper, a new technique for the estimation of the linear and leading non-linear
response functions of a multi-input system in the time domain is presented, which uses the

same analysis formalism as developed and employed in the both single input non-linear [6]



and the multi-input linear [7] analyses techniques. That is, the use of the time delayed

statistical moments between the input and output data.

The multi-input technique, developed in this work, will be applied to a non-linear analysis
of this surface heat flux data, accounting for all the factors that affect the heat flux at the
surface, i.e the convective, radiative and conductive processes, and the results obtained

compared with those obtained from a multi-input linear analysis [7].

Estimation of the response functions

of a multi-input non-linear system

In this section, a novel analysis technique for the estimation of the impulse response functions
of a multi-input non-linear system, allowing for correlation between the inputs to the system,
is presented. The response functions are used to characterise the properties of the system, in
terms of it’s physical observables. From this characterisation, inferences may be made about
the properties of the system, in terms of physical laws, formulae, the form of the basis set,
or the like. This characterisation, or identification of a model, of the physical system, given
observations of the input and output time series data of the system, is thus an important

problem in numerous areas of science.

The single-input single-output linear convolution equation, or it’s equivalent in the fre-
quency domain, is the most important input-output relationship for a linear system (for

example, [2, 3]).

y(t) = Z hye(r)a(t - 7)

This can be extended to include non-linear terms, and is known as the Volterra series

8, 9].

y(t) = i hyz(T)2(t — 1) + i f: hyzz(m1, 72)z(t — T)z(t —T2) + ...

71=0 T1=0 120

It conveys that the output of the system at the present time, ¢, y(¢), is dependant upon




the current (time, ¢) and previous (time, ¢ —7) values of the input, (¢) and z(¢ —7), through
a set of weighting or response functions, Ay, (71) (linear or first order) , hyz ., (71, 72) (second
order), etc. That is the output has some ’memory’ of length u, of the previous values of
the input time series. This equation can be extended to the multi-input case, where we will
consider a system with N inputs and one output, from which the observed time series data

is given by x;(t),i =1,..., N for the inputs, and y(¢) for the output.

W) = 3% hye(m)et - )

1=1 1y =0

N N p p
+ZZ Z Z }Zy;z;,-xj(ﬂ,Tz)xg(?f—T1)Cl:j(t—-7'2) (l)

1=1 j=t 11 =01=0

In this work we shall consider only up to the 2nd order case, i.e include only the 1st
and 2nd order terms, as shown in equation (1). However the ideas presented are completely
general and can be readily extended to arbitrary order. The technique is entirely novel, as
there is no technique cuurently available for the analysis of multi-input non-linear systems
in the time domain, though a technique exists for the analysis of two-input mixed first and
second order systems in the frequency domain [5]. The techniques presented in this work

are applicable to systems with an arbitrary number of inputs.

In the analysis of time series data, it is usual to draw on a number of assumptions,
in developing a model of this system, when analysing the observed data. These are that
the system is causal, time-invariant, has a finite length memory, and that the boundary
conditions z;(t),7=1,...,N and y(t) are drawn from stationary stochastic sequences for

which the second order time series moments exist.

As the boundary conditions are assumed to be drawn from stationary stochastic se-
quences, it is thus possible to use time series moments to characterise the response of the
system, as an alternative to the multi-input convolution equation, given in equation (1). The
authors have recently developed a formalism for the estimation of the linear and non-linear
response functions of a mixed order system [6] and the estimation of the linear response
functions of a multi-input linear system [7], involving the formation and solution of a set
of simultaneous equations relating the time delayed moments between the input and out-

put time series data. This formalism is adopted in this work, and used to devlop a set of



simultaneous equations, from which the unknown response functions can be calculated.

The first equation in this set of simultaneous equations is formed by multiplying equation
(1) by z,(t — ok), where oy denotes an arbitrary time delay and p denotes an arbitrary input

channel, to give

N »u
zp(t —oR)y(t) = D 2 hymi(m)zp(t — on)7il(t — 1)

=1 11=0

N N u [ ’ .
+ Z Z Z hyzwj(Tl,T2)$P(t — ox)zi(t - Tl)xj(t — 72)

=1 j=; 13=012=0

By applying the expectation operator to this equation, we obtain

N v

Elzp(t —or)y()] = 203 hysi(r) Elzy(t — on)ai(t — 7)) (2)

1=111=0

LB

N N
20020 2 by (11, 72) Bl (t — on)zi(t — m)zj(t — 72))]

1=1 j=1 13 =0 7, =0

This forms N * (u + 1) equations, however we have N * (u + 1) + (N * (N 4+ 1)) * (u + 1)?
unknowns, i.e the number of response function values. Hence we need to generate another
T(N % (N + 1)) * (u + 1)% equations, to form a set of simultaneous equations which when

solved yield the unknown response function values.

In order to form these equations it is necessary to multiply equation (1) by, z,(t —o%)z,(t— o)
where o} and o; denote arbitrary time delays and p and ¢ denote arbitrary input channels,

to give

zp(t — ok)ze(t — o)y(t) =
N p
; Z—o hyzs(Tl)xp(t - Uk)xq(t - Ul)xi(t - 7'1)
. NI_N © I
+ ZZ Z Z Pyziz;(T1, Ta)zp(t — ok)2q(t — or)zs(t — 1) zi(t — 72)

=1 j=t ;=01,=0




By applying the expectation operator to this equation, we obtain

Elzy(t — or)z,(t — o)y(t)] =
N &

; Z-o hywi (1) E[zp(t — 03)24(t — 1) 2:(t — 71)] ‘ (3)

N N
+ Z Z Z Z kwi%‘ (11, 72) Elzp(t — op)zo(t — or)zi(t — 71)z;(t — 72)]

t=l =1 13=0712=0

Thus (2) and (3) together form a set of N (u+1) + (N« (N+1))*(x+1)? simultaneous
equations which when solved by using standard matrix methods yield the unknown response

function values.

The methodology presented here is quite general, and may be applied to a wide range of
problems, we shall consider a specific application of the technique to the analysis of the heat
transfer processes within buildings. However before we apply this novel tecchnique to the
analysis of real experimental data, we shall consider a numerical experiment with computer

generated data, in which the properties of the system are known.

Numerical experiment using computer generated data

In this section, the results from a numerical experiment, where the properties of the linear
multi-input system are known, are presented. A numerical experiment is used so that the
accuracy and range of appropriate use of the technique in the estimation of the impulse
response functions of a multi-input system can be assessed, through the comparison of the
estimated, hyq, (1), Byeie; (71, 72) and known, gz, (1), gyx‘.‘%(ﬁ,'rz), response functions. This
comparison will be performed on the basis of two statistical metrics, the root mean square
and absolute mean differences between the known and estimated impulse response functions,

where the root mean square difference, for the linear response functions, is given by,

i = | | 3 (o (2) = () ()




and the absolute mean difference by,

. 1 &
abs diff; = mf;{) | (hyoi(T1) = Gyei (1)) | (5)

and for the non-linear response functions by,

S 3" (hyoee, (702 72) — Gyosm, (71,72))? | (6)

RS = (ﬂ + 1)2 11=0 719=0
u .
abs diff.;j 2 Z z I (hyx,x3(71772) gyxsxj('rl)r?» I (7)

T1=0712=0

These two statistical metrics will demonstrate, whether or not, the technique can correctly

estimate the known response functions to a high degree of accuracy.

In this example we use a three input - one output system, such that N = 3 in equation

(1), and the known first and second order impulse response functions are given by,

6-0'5*(&3:2)2

Gyz: (11)
Gyz, (1) = €% x cos (7 % 7 /5)
Gyzs(1) = €70

Gyzizy (T1,72) = 0.0

-0.271 * e-O.ZTz

Gyz12, (Th ’?'2) = €

Gyorzs(T1,72) = €721 % cos (7 % 71 /5) % € %157 x cos ( * 7/5)
Gyrazn (T1,T2) = €037 4 037

Gyzazs(T1,72) = 0.0

Gyzazs(T1,72) = e s+(172) 6-—&5*(12;_6)2

Only 6 of the nine second order response functions are defined due to symmetry. The inputs

to this system are taken from the experimentally measured time series values of the wind




speed, ws(t), and heat flux at the internal surface of the ceiling, ¢(¢), from the data set

described in the next section. The input time series for each of the first two channels of the
system is convolved from the wind speed data, such that

z1(t) = 0.5ws(t) +0.75ws(t — 1) +0.6ws(t — 2) + 0.55ws(¢ — 3) +0.5ws(t —4) + 0.43ws(t —
5) + 0.4ws(t — 6) + 0.35ws(t — 7) + 0.3ws(t — 8) + 0.2ws(t — 9) + 0.15ws(t — 10) + 0.1ws(t —

11) 4+ 0.05ws(t — 12) — 0.05ws(¢ — 13) — 0.1ws(t — 14) — 0.15ws(t — 15) — 0.2ws(t — 16) —
0.1ws(t — 17) — 0.05ws(t — 18) — 0.05ws(t — 19) — 0.03ws(t — 20) — 0.01ws(t — 21)

z2(t) = 1.0ws(t) + 0.7Tws(t — 1) + 0.6ws(t — 2) + 0.5ws(t — 3) + 0.4ws(t — 4) + 0.35ws(t —
5)+0.3ws(t — 6) +0.2ws(t — 7) + 0.17ws(t — 8) + 0.14ws(t — 9) + 0.12ws(¢t — 10) + 0.08ws(¢ —
11) + 0.06ws(t — 12) + 0.05ws(¢t — 13) — 0.05ws(t — 14) — 0.1ws(t — 15) — 0.2ws(t — 16) —
0.24ws(t — 17) — 0.15ws(¢ — 18) — 0.06ws(t — 19) — 0.03ws(t — 20) + 0.01ws(¢ — 21)

Thus there will be a strong correlation between two of the input channels to the system.
The input to the third channel is the unmodified surface heat flux time series data i.e
z3(t) = q(t). The output data was generated using equation (1), with this input data and
the known response functions given by equation (6), and the addition of a zero mean white

noise sequence with an absolute mean of approximately 1% of the convolved signal.

The analysis is performed using 1000 points of time series data, and a maximum time

delay of 20, i.e 4 = 20. [Note the area under a response function is given by 3% _o hye; (T1)

and Z¥1=0 }:f:? hyx;a:j(Tls 7_2)]‘

Input | Estimated | Theoretical RMS Absolute mean
Channel Area Area difference difference
1 7.2736401 | 7.2736336 | 5.717*10°7 4.349*10°7
2 1.1439284 | 1.1439354 | 5.591*1077 4.423*%10°7

3 3.8512109 | 3.8512109 | 2.681*10~!! 2.275%1071t

1,1
1,2
1,3
2,2
2,3
3,3

Table 1: Results from the numerical experiment using computer gernerated data




The RMS and absolute mean differences of at least 10~7 demonstrate the ability and
accuracy of this new technique. This example has demonstrated that the technique can
correctly estimate the response functions of a multi-input system, even when two of the

inputs to the system are highly correlated.

Experimental data

The experimental data set used in the present work was collected, from the British Gas plc
test cell at Cranfield, by the Energy Monitoring Company (EMC), over the 1989/90 heating
season [10]. The test cell has internal dimensions of 2.03m by 2.03m by 2.33m tall. The four
walls of the test cell, which are of a externally insulated brick construction, are built off an
insulated timber floor panel which has been raised on blocks above ground level, allowing
the floor panel to be at the ambient external temperature. The flat roof of the test cell is of
a timber-frame styrofoam construction, with waterproofed plywood as the external surface
and plasterboard as the internal surface. The internal surfaces of the test cell are finished

with a coat of matt white paint.

The test cell is exposed to natural external meteorological conditions, however no solar
radiation is directly incident on any of the interior surfaces of the test cell. It is very
highly sealed, as the natural infiltration rate was less than 0.05 ac/hr, as determined from a
pressure test on the building [10]. The test cell was continuously mechanically ventilated by
the outside air, ducted via a pulse output gas meter, to record the ventilation rate, which was
set at approximately 2 ac/hr using dampers on the inlet and outlet ducts. This air entered
the test cell via a diffuser pipe, running from the floor to the ceiling, in the north-west corner.
The velocity in the diffuser pipe can be determined from the diameter of the pipe and the
air change rate, and was approximately 0.7 m/s. The air, within the test cell, was heated
by a 1 kW convective heater, controlled by a pseudo random sequence of on/off pulses with

a 5 minute time step.

Time series data were collected at 5 minute intervals for a period of 20 days for the
experiment. External meteorological measurements were obtained for the dry bulb temper-

ature, wind speed and direction, and the global and diffuse horizontal irradiance. Internal

10




measurements were obtained for various air and surface temperatures, and for the heat flux
at each surface. In order to estimate the surface heat transfer coefficient, a Meyer ladder
[11] was employed, this measures the air temperature through the boundary layer, from the
surface to which it is attached to the bulk air. A ladder consists of a set of air temperature
sensors (in this case ten) at accurately defined distances from the surface, a free stream air
temperature sensor, and a surface temperature sensor. In this experiment the ladder was

mounted on the ceiling of the test cell in the proximity of the heat flux mat on this surface.

“Application of technique

The new technique for the estimation of the response functions from multi-input systems
presented in this work, will now be employed to investigate the energy balance at the surface
of the ceiling in the test cell described in the previous section. The energy balance across a

volume enclosing the surface can be written as,

Q(t) = Gconduction (t) + %‘adiafion(t) + q::onvectéon(t) v (9)

such that the oberserved heat flux at the surface, ¢(t), is composed of components due to

the conductive, radiative and convective processes that interact at the surface.

However, the construction of the test cell, i.e the layer of styrofoam on the external
surface, means that the test cell has a time constant for the conductive path of the order
of days, and so this path will be assumed to be negligible when compared with either the

convective or radiative flowpaths. Hence equation (9) can be re-written as,

Q(t) = %’adiation(t) + qcon‘uectio'n(t)

This equation can be written in terms of the physical observable variables and the re-

sponse functions of each process, using equation (1) as,

() = 3 hoags(r)o ATt — 1) + 3 hoar, (n)ATS(t — 1)

71=0 71=0
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[ [t

+ E Z hoaTiaTS (ﬁ,'rg)::fATf(t — ﬁ)o-ATf(t )

’3’1:(} Tz:O
[ [t
+ >0 > hearyar, (1, R)ATs(t — 1)ATy(t — 73)
11220 15=0
g B
+ 3 3 hgarsar, (11, ) e ATHE — 1) AT(t — 1)
T1=0 =0

where {ATA(t), ATy(t)} are, respectively, the temperature gradient within the ceiling, the
difference between the fourth powers of the surface temperatures of the ce'iling and the aver-
age of the remaining surfaces within the test cell, and the temperature difference across the
air-surface boundary layer; hoa7s(71), hyat, (1) are, respectively the linear response factors
for the radiative and convective processes, and hoazs a1t (71, 72), hoaTsqaT, (11, 72), hoattq AT, (11,72)
are the second order response factors of the radiative, convective and mixed radiative/convective
processes. From this point in the work, the Stefan-Boltzmann constant, o, will be com-
bined with the difference between the fourth powers of the surface temperatures of the
ceiling and the average of the remaining surfaces within the test cell, AT*(¢) and is equal to
56.7 * 10°W/m?K®. The cubic geometry of the test cell and the fact that all the surfaces
within the test cell were finished with a coat of matt white paint mean that no account need
be taken of the radiative view factors and the emissivity of each surface. The area under

the estimated response factors for each process is the heat transfer coefficient or gain of that

process [12].

Following the novel methodology presented in this work, we may take time series moments
between the heat flux at the ceiling surface and the two temperature differences ATA(t —

o), ATy(t — oy), to give

B [
Mazsg(on) = D hoars(m)Magsars(or,71) + Y hoar, (1) Mazsar, (ok, 71)
T1=0 71=0
1 . . 1
+ 30 3 hoarsazs (11, 2)MaTsarears(ok, 71, 72)
7720 19220
g B
+ > Y heazsar, (11, ) Magsazsar, (ok, 71, 72)
7'130 72=0
12 1
+ > > hoaryary (11, 72)Mazsar, az, (ks 71, 72)

1'130 T220
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“ u
Mar,o(ox) = > hoars(m)Mag,azs(or, 1) + D hoary (1) Maz,ar, (o), 1)
71=0 7y =0

b ou
+ > > hgarsars(t, )Mar,arsars(or, 1, 72)
T1=0 1920
P

+ Z Z hqAT,‘}ATf (7-17 T2)MAT,«AT,?ATf (ok’ T1, 7'2)

T1=0 10
[ [
+ 373 heatyar, (11, 2) Mar, a1y a1, (08, 71, T2)
7120 7=0
and the time series moments between the heat flux at the ceiling surface and all product
combinations of the two temperature differences AT (t — o )ATy(t —01), ATt — o) AT, (t —
o), and ATt — 0 )ATA(t — 1) to give

“
Marsarso(ok,01) = Y hoars(r)Marsarsats(ok, 01,71)
'Tl.."“...ﬂ
o
+ Z hqAT;(Tl)MATﬁAT,?ATf (Ok,%’ﬁ)
1220
22 122
+ 3" 3" hgarsars(m, ) Marsarsarsats (O, 01,71, T2)
71220 792=0 .
# i . B
+ > > heazsar, (11, 72)Mazsarsarsar, (0,01, 71, 72)
T1=0 1=0 '
i i
+ 3 D hearary (1, 72) Mats arpar;ar, (0%, 01,71, T2)
71=0 79==0
i
Mar,at2q(00:01) = D hgars(n)Mar,atsars(on,01,71)
11 =0 .
B
+ Z ‘b’qAT_f (TI)MATfAT,?ATf (Gk) Tl Tl)
7‘1':0 -
bop
+ > O hoarsars (1, 7o) Mar, arsaTiaTs (Ok, 01,71, T2) -
ryz=0 =0

L [ad
+ > > hearsar, (11, 2)Mar,atsatsar, (Ok, 01,1, 72)
=0 To=x0
" n ;
+ Z Z hqATfATf(Tla TQ)MATfAT,éATfAT,(Uk, 01, T1,T2)
11 =0 1920
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@
MaT,a149(00,01) = Y hoats(T1) MaT,a7,a72(0k, 01, T1)
Ty=0 .

m
+ Z hqATf (TI)MAT}!AT;AT;(O-ka oy, Tl)

‘T]_:O
now
+ D> " hoattars(mi, ) Mar,ar,atiats (0K, 01,71, T2)
7220 T5=0
[ @

+ Z Z hqAT,‘?AT;(Tls7'2)MATfAT;AT,?ATf(0'ka0'137137'2)
T1=0 1920

+ i i hoar,at, (11, o) Mar, aT, a1, 87, (08, 01, T1, T2)
7120 75=0
These five equations form a set of 3(¢ + 1) + 6(x + 1)? simultaneous equations when o} and
o; vary between 0 and g, and is equal to the number of unknown response function values,
taking account of symmetry in the second order response functions. These equations can
be written in matrix form, and solved, for the unknown response functions, using standard

matrix methods.

Analysis of experimental data

In this section the novel technique for the estimation of the first and second order impulse
response functions of multi-input systems presented in this work, will be applied to the
experimental data set previously described [10]. The first and second order response functions
for the convective and radiative processes acting at the ceiling of the test cell will be estimated
from the time series data. The first and second order convective and radiative heat transfer
coefficients, for the ceiling of the test cell, will be determined, as the area / volume under
the estimated response function are respectively the first and second order steady state gains
of that process [12]. The first order steady state gain between the surface heat flux and the
temperature difference driving force of a process is the first order convective heat transfer
coefficient of that process [13]. The results from this multi-input mixed order analysis of
the data will also be compared with those obtained from a multi-input linear analysis [7],
and conclusions drawn regarding the necessity for the inclusion of all input variables to the

appropriate order in the analysis of any process.

14




These estimated response functions characterise the convective and radiative processes
that contribute to the observed heat flux, taking account of any correlation between the
two processes. That is, the technique allows for the fact that one process may be ’driving’
the other, hence the inputs are not strictly independant, if this is the case then the results
from a single-input analysis may be questionable, as shown by the authors in previous work
[7]. This technique allows an investigation to be performed on the order of the processes,
through a comparison, of the relative magnitudes of the estimated first and second order
surface heat transfer coefficients and, of the predictive power of the mixed order (linear /
non-linear) estimator to that of the linear estimator [7], using the same sample of time series

data.

Figure 1 shows a typical 24 hour sample of the temperature difference between a typical
(the eighth) Meyer ladder sensor and the surface of the ceiling. Figure 2 shows the difference
between the fourth powers of the surface temperature of the ceiling and the average tem-
perature of the remaining surfaces within the test cell, allowing for the Stefan-Boltzmann
constant, for the same 24 hour period. Figure 3 shows the corresponding 24 hour sample of

the heat flux at the ceiling surface, shown as positive with heat flow into the surface.

The response functions for the convective and radiative processes, from which the convec-
tive and radiative heat transfer coefficients are determined, were estimaied from a sequence
of 1440 points (i.e 5 days) of time series data, for each of the ten Meyer ladder sensors.
The maximum length of time delay or the length of the memory of the processes, u, was
set to 1 hour (i.e 12 points). Table 2 presents the first order convective and radiative heat
transfer coefficients estimated for each Meyer ladder sensor, calculated as the area under the

estimated first order response function for each process at each Meyer ladder sensor.

This table shows that the novel technique, presented in this work, produces consistent es-
timates of the radiative heat transfer coefficient across the air-ceiling boundary layer, and
that as in previous analyses [7, 13], the estimated convective heat transfer coefficients vary
across the boundary layer, but outside the boundary layer are consistent. Previous analysis
has shown that the air-ceiling boundary layer is approximately 50 mm thick, and that the
edge is between the fourth and fifth Meyer ladder sensors [7]. A comparison of these first

order convective and radiative heat transfer coefficients with those obtained from the multi-




input linear analysis of the same data, show that the convective heat transfer coefficient is
approximately the same in the two cases, whereas the estimate of the radiative heat transfer

coefficient has increased by approximately 50%.

Sensor Convective Radiative

Number | HTC (W/m?K) | HTC
1 8.260 0.582

2 6.691 0.630

3 5.864 0.631

4 6.0568 0.607

5 4.088 0.536

6 3.636 0.507

7 3.281 0.531

8 3.284 0.535

9 3.271 0.579
10 3.287 0.564

Table 2: First order Convective and Radiative heat transfer coeflicients for each Meyer ladder

sensor, from the multi-input approach

Table 3 presents the second order convective, radiative and mixed convective / radiative
heat transfer coefficients estimated for each Meyer ladder sensor, calculated as the volume

under the estimated second order response function for each process at each Meyer ladder

sensor.

Sensor Convective Mixed Conv / Rad | Radiative
Number | HTC (W/m?*K) HTC HTC

1 1.494 -0.450 -1.48%1072

2 -8.33*¥10732 -0.414 -2.0%1072

3 -0.371 -0.336 -1.90*107?

4 -0.762 -0.296 -1.85*1072

5 0.225 -0.109 -7.13*%1073

6 0.344 -7.13*%1072 -4.48%1073

7 0.362 -7.12%1072 -2.02%1073

8 0.278 -6.94*1072 -4.36%103

9 0.220 -0.132 -5.18%103

10 0.245 -0.117 -5.53*1073

Table 3: Second orderConvective and Radiative heat transfer coefficients for each Meyer

ladder sensor, from the multi-input approach
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This table shows that the novel technique, presented in this work, produces estimated'second
order radiative heat transfer coeflicients that are again consistent over the air-ceiling bound-
ary layer, but are approximately 100 times smaller than the first order estimates, which when
one takes into account the magnitude of the input time series, i.e the difference between the
fourth powers of the surface temperature of the ceiling and the average temperature of the
remaining surfaces within the test cell, means that the linear component of the estimated
radiative heat flux will be approximately about 95% of the total, implying that the linear
AT? representation of the radiative process is a good model.The estimated second order con-
vective heat transfer coefficient are again consistent outside the air-ceiling boundary layer,
and are approximately 10 times smaller than the first order estimates, which means that
the linear component of the estimated convective heat flux will be approximately only about
80% of the total, implying that the linear AT} representation of the convective process is

not as good a model as the radiative one.

Figure 4 shows the estimated linear / first order response function of the surface heat -
flux to the temperature difference between the eighth Meyer ladder sensor and the surface
of the ceiling. The area under this curve is the first order convective heat transfer coefficient
between the ceiling and the air around the eighth sensor, and is 3.28W/m?K. Figure 5
shows the corresponding estimated linear response function of the surface heat flux to the
difference between the fourth powers of the surface temperature of the ceiling and the average
temperature of the remaining surfaces. The area under this curve is the radiative heat

transfer coefficient, which for the eight Meyer ladder sensor is 0.53.

Figure 6 shows the estimated second order response function of the surface heat flux to
the temperature difference between the eighth Meyer ladder sensor and the surface of the
ceiling. It can be observed from this figure that there is structure in the estimated second
order convective response function down the m, = 7, diagonal. (Note that the axes on this
figure are negative in the upward direction).The volume under this surface is the second
order convective heat transfer coefficient between the ceiling and the air around the eighth
sensor, and is 0.278W/m? K. Figures 7 and 8 show the estimated response functions for the
radiative and mixed convective / radiative processes respectively. Again both these figures

show structure, as in figure 6.
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By using the estimated response functions of the convective and radiative processes and
3 hours of the driving forces, away from the 5 day sample chosen to perform the analysis, the
predicted surface heat flux was estimated. Figure 9 shows the measured and predicted surface
heat flux, and an excellant agreement can be observed, especially noting that the prediction
region is away from the region used for the data analysis. A comparison with prediction
obtained from the multi-input linear analysis of the same data [7], shows an improvement
even on the excellant prediction by the linear technique.This excellant prediction can be more
clearly observed if the predicted surface heat flux value is plotted against the corresponding
measured surface heat flux value, as is shown in figure 10, the straight line through the
origin with little dispersion demonstrates the excellant model of the system provided by
the estimated first and second order response functions, which have been calculated from
the time series data of the system. Figure 11 shows the predicted heat flux, as shown in
figure 9, split into it’s convective, radiative and mixed convective/radiative components, as
calculated from the estimated response functions. This figures shows that the combined
first and second order convective process is driving heat into the ceiling surface, whereas the
combined radiative and the second order mixed convective / radiative processes are usually
removing heat from ceiling. The balance being that usually the heat transfer due to the

convective process is la,rgef than the sum of the other two.

Conclusions

A new technique for the estimation of the vector mixed order response functions from the time
series of a multi-input non-linear system, that allows for correlation between the time series
inputs has been presented. The technique is a time series method, and is based upon the
observed correlation between the experimentally observed values and the impulse response
functions, which are characterisations of the physical relationships between the input-output
variables. The ability of this novel technique to correctly estimate the response functions of a
multi-input non-linear system is demonstrated, using a numerical example. In this numerical
example, where the properties of the system are known, the technique is shown to estimate

the response functions of the system to a high degree of accuracy.
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The technique is then applied to analyse time series data collected from a well insulated,
single zone experimental building. The technique is employed to estimate the responée
functions of the coupled convective / radiative processes that act at the internal surface of the
ceiling of the building. The area under the estimated response function of each process is the
heat transfer coefficient of that process. These show the first order convective heat transfer
coefficient between the ceiling surface and the bulk air within the single zone building to
be vapproximately 3.2W/m?K, and the first order radiative heat transfer coefficient between
the ceiling surface and the other surfaces within the zone to be approximately 0.55 . These

values agree well with currently used empirical ones.

The form of the estimated first order response function of each process has demonstrated
that both the convective and radiative processes acting at an internal surface have a short
term 'memory’ of about 10 minutes. That is the heat flux, at the current time, is pre-

dominantly (given that the major contribution to the estimated surface heat flux by the

convective and radiative process are from the first order terms) affected by the convective

and radiative driving forces of up to 10 minutes ago.

The form of the estimated second order response functions for the convective, radiative
and mixed convective / radiative processes show structure, especially along the rn = =
diagonal. The estimated second order radiative heat transfer coeflicient was shown to be
approximately 100 times smaller than the estimated first order one, which means after taking
into account the magnitude of the input time series, means that the linear component of the
estimated radiative heat flux will be approximately about 95% of the total, implying that the
linear AT?* representation of the radiative process is a good model. The estimated second
order convective heat transfer coefficient are consistent outside the air-ceiling boundary layer,
and are approximately 10 times smaller than the first order estimates, which means that the
linear component of the estimated convective heat flux will be approximately only about

80the convective process is not as good a model as the radiative one.

The response functions and heat transfer coefficients estimated by the multi-input mixed
order approach, presented in this paper, were compared with those obtained from a multi-
input linear approach (from [7]). This comparison showed that the estimated first order

response functions obtained in both cases, were similar in form, and that the convective and
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radiative heat transfer coefficients, determined from these estimated response functions, were
within 10% in of each other in the convective case, but in the radiative case a 50% difference
was observed. However the estimated heat transfer coefficients were consistent, between the

two cases, across the boundary layer.
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Figure1: A tﬁical 24 hour sample of the temperature difference between the
eighth Meyer ladder sensor and the surface of the ceiling
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Figure 2 : A typical 24 hour sample of the difference between the fourth powers
of the temperatures of the ceiling surface and average of the remaining surfaces
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Figure 3 : A typical 24 hour sample of the heat flux at the ceiling surface
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Figure 4 : Estimated linear response function of the surface heat flux to the
temperature difference between the eighth ladder sensor and the ceiling surface
(The first order response function of the convective process)
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Figure 5 : Estimated linear response function of the surface heat flux to the
difference between the fourth powers of the surface temperatures
(The first order response function of the radiative process)
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Figure 6 : Estimated second order response function of the surface heat flux
to the temperature difference between the eighth ladder sensor
and the ceiling surface
(The second order response function of the convective process)
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Figure 7 : Estimated second order response function of the surface heat flux
to the difference between the fourth powers of the surface temperatures
and the temperature difference between the ceiling surface and the ladder sensor
(The second order response function of the mixed convective / radiative process)
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Figure 8 : Estimated second order response function of the surface heé;t flux
to the difference between the fourth powers of the surface temperatures

(The second order response function of the radiative process)
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Figure 9 : A sample of the measured and predicted (using the convective and
radiative response functions estimated by the multi-input formalism)
heat flux at the surface of the ceiling
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Figure 10 : A sample of the predicted (using the estimated response functions)
surface heat flux plotted against the corresponding measured surface heat flux
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Figure 11 : A sample of the predicted heat flux at the ceiling surface, split

into it’s conyective and radiative components, as predicted from the convective
radiative, mixed convective / radiative response functions estimated
by the multi-input mixed order formalism







